A code for predicting supersonic jet broadband shock-associated noise was assessed using a database containing noise measurements of a jet issuing from a convergent nozzle. The jet was operated at 24 conditions covering six fully expanded Mach numbers with four total temperature ratios. To enable comparisons of the predicted shock-associated noise component spectra with data, the measured total jet noise spectra were separated into mixing noise and shock-associated noise component spectra. Comparisons between predicted and measured shock-associated noise component spectra were used to identify deficiencies in the prediction model. Proposed revisions to the model, based on a study of the overall sound pressure levels for the shock-associated noise component of the measured data, a sensitivity analysis of the model parameters with emphasis on the definition of the convection velocity parameter, and a least-squares fit of the predicted to the measured shock-associated noise component spectra, resulted in a new definition for the source strength spectrum in the model. An error analysis showed that the average error in the predicted spectra was reduced by as much as 3.5 dB for the revised model relative to the average error for the original model.
I. Introduction
A jet noise prediction model must compute the radiated noise from all the sources that exist throughout the range of useful jet operating conditions. At lower speeds, the noise may be characterized as coming from the fine-scale turbulence in the flow. As the speed increases, the noise due to coherent, large-scale turbulence becomes significant starting in the directions off the downstream jet axis. Near sonic conditions and above, pressure imbalances in the flow create shocks. The interaction between turbulence and shocks creates an additional source of noise that radiates over a broad range of higher frequencies and predominantly in the direction upstream of the nozzle exit. If coherent feedback occurs, then intense screeching can also be present. These are all potential sources of radiated jet noise. An approach to making jet noise predictions is to model the sources separately. Then assuming incoherent sources, the radiated noise from each source is combined in the far field to obtain the total radiated noise. Once a modeling tool has been developed, it must be validated by comparing predictions to experimentally measured data.
As part of a larger study to assess NASA's capability to predict aircraft noise, empirical and acoustic analogy based tools were used to predict jet noise and the results were compared to measured data over a wide range of operating conditions. 1 The jet experiments used nozzle geometries including convergent, convergentdivergent, internal mixer, separate flow, and chevron configurations operating with Mach numbers from 0.3 to 2.0 and temperatures from 0.8 to 3.0 times the ambient temperatures. The predicted jet noise included both mixing noise, for all jet operating conditions, and broadband shock-associated noise, for supersonic jet operating conditions. The general conclusions were that the empirical tools could make successful overall sound pressure level predictions for a broad range of nozzle geometries and operating conditions while the acoustic analogy tools were successful for a very limited range of operating conditions using a single stream nozzle. No attempt was made in the above study to separately assess the ability to predict the broadband shock-associated noise generated during supersonic jet flow conditions. Dahl 2 recently reported separate assessments of jet mixing noise and broadband shock-associated noise prediction codes. Included in that report was an assessment of the SAE broadband shock-associated noise prediction model that is documented in SAE ARP 876E 3 and is also included within NASA's Aircraft Noise Prediction Program (ANOPP). 4 The measured jet noise data used in the assessment were total farfield noise spectra decomposed into component spectra for mixing noise and shock-associated noise. The predicted shock-associated noise spectra were compared to the shock-associated noise component of the measured spectra. Favorable agreements were noted for the prediction codes with the exception of the SAE model code. This code gave predicted spectra that compared favorably to the total noise spectra in the upstream direction and became increasingly inaccurate at higher jet temperatures and downstream directions. According to the SAE document, the total predicted jet noise is the sum of the predictions from the mixing noise model and the shock-associated noise model. In all cases shown in Dahl, 2 the addition of mixing noise to the SAE shock-associated noise code output would lead to inaccurate results especially at lower frequencies where mixing noise dominates the spectrum. This paper examines the SAE shockassociated noise prediction model using the shock-associated noise component of the measured data and proposes changes to the model. The model would then meet the intent stated in the SAE document of only predicting the shock-associated noise component of supersonic jet noise and that the total predicted radiated noise would be obtained by adding the predictions from a jet mixing noise model.
II. Experimental Data
The experimental jet noise spectral data used in this study were acquired during an extensive test program conducted using the Small Hot Jet Acoustic Rig (SHJAR) at the NASA Glenn Research Center. The SHJAR is a single-stream, hot jet rig installed within the Aero-Acoustic Propulsion Laboratory, a 65-foot geodesic dome lined with acoustic absorbing material to provide anechoic conditions for noise testing at all frequencies above 200 Hz. More information on this facility may be found in Bridges & Brown 5 and other reports describe the types of data and the quality of the data collected during testing in this facility. [6] [7] [8] Khavaran & Bridges 9 discuss details of the test results from the program to measure the noise from jets at a variety of nozzle pressure ratios and total temperatures. Tables are given that describe the different nozzles used and the variety of operating conditions tested. A subset of that data is used here consisting of noise data from supersonic jets issuing from a 2.0-inch exit diameter, circular, convergent nozzle. The nozzle, designated as smc021, is a modified version of the smc000 baseline convergent nozzle with a 5-degree conic contraction and a 0.04-inch thick lip, see Figure 1 . The smc021 nozzle had a sharp edge lip with notches cut into the edge. These nozzles are shown in Figure 2 . The purpose of the modifications was to minimize the screech noise observed in the smc000 nozzle spectral data. 10 To assess shock-containing jet noise prediction models, the data were collected using the smc021 nozzle operated at the 24 conditions listed in Table 1 . The operating conditions are grouped according to constant total temperatures. However, the operating condition parameters were recorded at the time the acoustic Rdg -designates the experimental reading number used to label the various operating conditions.
T t /T ∞ -the nozzle flow total temperature to ambient temperature ratio.
NPR -the nozzle pressure ratio defined as the nozzle flow total pressure divided by the ambient pressure.
M j -the fully expanded jet Mach number computed using the equation
V j /c ∞ -the acoustic Mach number is the ratio of the fully expanded jet velocity to the ambient speed of sound. The fully expanded jet velocity is computed from M j using the fully expanded speed of sound c j = γ j R T j (2) and the fully expanded temperature
γ j -the ratio of specific heats at the fully expanded jet conditions. It is computed following the procedure given in the Appendix A.
β -the shock noise parameter
T ∞ -the ambient temperature in degrees Kelvin.
p ∞ -the ambient pressure in Pascals.
c ∞ -the ambient speed of sound in meters per second computed from the equation
where γ = 1.4 and R = 286.959 m 2 /(s 2 K).
III. Description of Measured Data and Analysis
The measurements of the noise radiated from the jet were made by 24 microphones. These microphones were located on an arc 50 nozzle exit diameters from the center of the nozzle exit area and placed at 24 equally-spaced angles. The angles were from 50 to 165 degrees as measured from the upstream inlet centerline to the nozzle.
As described in Bridges et al. 11 and in Khavaran & Bridges, 9 the time histories for the microphone signals were processed using the finite Fourier transform with suitable averaging and scaling to obtain narrow band spectral data with amplitude levels adjusted to report results at a radius of 100 nozzle exit diameters. The atmospheric attenuation inherent in the measured data was removed resulting in lossless spectra. These spectra contained 8193 points at equally spaced intervals of about 12 Hz. The spectral amplitudes were normalized by the frequency interval to obtain a power spectral density. Follow-on processing generated 1/12-octave and 1/3-octave spectra as desired.
Given that only the total radiated jet noise was measured, Khavaran & Bridges 9, 10 developed scaling laws that attempt to separate the total jet noise into its mixing noise and shock-associated noise components. They also discuss the phenomenon of mixing noise amplification resulting from the presence of any shockrelated screech tones. This additional noise could be considered to be part of the mixing noise component or the shock-associated noise component. Dahl 2 showed that the spectra predicted from models for supersonic jet mixing noise were closer in comparison to the mixing noise component spectra with amplification noise. Hence, the shock-associated noise component spectra used in this study contained no amplification noise.
The results of the spectral component separation for the Table 1 conditions labeled 2090 and 2095 are shown in Figure 3 for measurements at 50, 90, and 120 degree inlet angles. The plots show 1/3-octave lossless spectra as a function of the Strouhal number f D/V j , where, in this case, f is the 1/3-octave center frequency, D is the nozzle exit diameter, and V j is the fully expanded jet velocity. Mixing noise can be seen to dominate at the lower frequencies and become a larger portion of the spectrum as the inlet angle moves toward downstream. Conversely, the broadband shock-associated noise dominates at the higher frequencies and at the upstream angles. The process of separating jet noise spectral components involves using scaling laws and interpolations that contain some inaccuracies. One example is shown in Figure 3f where shock noise is low relative to the total noise at the downstream angle. The separation method inaccuracies result in the mixing noise spectrum having some levels higher than the total noise spectrum levels. Figure 3 also shows the predicted spectra from the SAE broadband shock-associated noise model that is given next.
IV. Description of Prediction Model
Supersonic jet flows from convergent nozzles are imperfectly expanded, creating shocks in the flow. The turbulence normally created by jet flows interacts with the shock structure producing a noise source in addition to that produced by turbulent mixing. This source may emit tones, known as screech, and a wide band of noise called broadband shock-associated noise. This latter noise is of main interest here. Though considered a broadband noise, shock-associated noise has a characteristic spectrum with a fundamental peak and has spectral levels that vary with the inlet angle. It is also most dominant at angles upstream of the nozzle exit. A prediction model for shock-associated noise was first proposed by Harper-Bourne & Fisher. 12 The model is discussed further and compared to measured data in Balsa et al. 13 and subsequently documented in SAE ARP 876E. 3 The model was eventually incorporated into NASA's Aircraft Noise Prediction Program (ANOPP) 4 as the SAESHK module. After the equation for the far field pressure spectrum is integrated to obtain the sound pressure spectrum in 1/3-octave bands, as described by Balsa et al., 13 the equation for the far-field mean-square acoustic pressure p 2 in each band can be expressed as
where the parts of the equation are described as follows:
D -exit diameter of a converging nozzle in meters.
r -distance from nozzle exit to observer in meters.
β -shock noise parameter defined in equation (4).
θ -polar angle starting from the inlet direction.
σ -frequency parameter given by
f -frequency in hertz.
W -shock cell interference function given by
Ns−(k+1) m=0 sin (bσq km /2) σq km cos (σq km ) (8)
N s -number of shocks, variable, typically set to 8.
b -1/3-octave bandwidth constant, 0.23077.
C -correlation coefficient spectrum.
K 0 -average shock cell spacing, set to 1.1.
K 1 -first shock cell spacing constant, set to 1.31.
K 2 -constant multiplying the correlation coefficient spectrum, set to 1.0.
C 0 -eddy convection velocity coefficient, set to 0.7.
-due to variation in shock spacing, set to 0.06.
V. Results for SAE Model Predictions
As mentioned above, Figure 3 contains the corresponding spectrum from the SAE model designed to predict broadband shock-associated noise. As can be seen in the comparisons at 50 degrees in Figure 3 (a), the SAE model predicts the shock-associated noise quite well for the lower-speed jet. At the higher speed, Figure 3 (b) shows the predicted spectrum compares favorably with the total noise spectrum especially at lower frequencies where mixing noise is dominant, but not quite as well at frequencies higher than the peak frequency where shock-associated noise dominates. At 90 degrees in Figure 3 (c) and 3(d), the higher frequency predictions for the shock-associated noise are lower creating a larger difference between predicted and measured spectra. In addition, a low frequency hump develops in the predicted spectra that does not exist in the shock noise component spectra and does not represent the total noise spectral shape, either. This low frequency hump further develops at 120 degrees, as shown in Figure 3 (e) and 3(f), and comes to dominate the spectra over that of the shock-associated noise related peak as β and the jet temperature increase. There is little agreement between the SAE model predictions and the measured data at these conditions.
The major parts of the SAE model equation (6) are plotted in Figure 4 . The plots show the shape of the H-spectrum multiplied by an amplitude coefficient when W = 0 is used in equation (6). This spectrum is not a function of the inlet angle with no ambient flow and the peak shifts to lower frequencies as β increases which follows from equation (7) . The interference function W modifies the shape of the H-spectrum. Since W goes to zero at high frequencies, for plotting purposes the logarithm of 1 + W added to 100 is displayed in the figure. The purpose of the interference function, in effect, is to suppress the group source strength H-spectrum at the lower frequencies and to accentuate the shock-noise peak. Clearly as the inlet angle increases and the jet becomes hotter, the group source strength spectrum becomes dominant and W has less of an impact. The shock-associated noise is no longer predicted by the model.
VI. Toward a Revised Model
A study was performed to seek improvements in the SAE broadband shock-associated noise prediction model using the data set given by Table 1 and the ability to separate the measured spectral data into component parts related to mixing noise and shock-associated noise. Tester et al. 14 performed a similar type of study of this shock-associated noise model. They performed a parametric study on the frequency scaling, the correlation coefficient spectrum, the number of shocks, the eddy convection velocity constant, and the shock spacing constants. The conclusions based on comparing predicted spectra with total jet noise spectra where shock-associated noise dominates were to confirm the choice of parameter values given by Harper-Bourne & Fisher 12 and listed following equation (6) above. Modifications to the model were made in computing the overall levels where shock noise levels were extracted from the total noise and differences were noted between noise levels emitted by cold jets and levels emitted by jets that were heated. The approach here was to study the overall levels using the current approach for separating the shock-associated noise component from the measured total noise, conduct a sensitivity analysis of the model parameters, and to perform a least-squares fit of the model to the shock-associated noise component spectra of the measured data.
VI.A. Overall Levels
Equation (6) shows the results from the model development that the overall levels of shock-associated noise vary as β to some power η. Figure 5 shows plots of the overall sound pressure levels (OASPL) determined for all the jet cases shown in Table 1 grouped by jet total temperature ratio. The data are the OASPL at three inlet angles less than or equal to 90 degrees. Figures 5(a) to 5(d) use total noise OASPL data. In all cases for β less than about 1.0, the data follow a β 4 sloped line except for the lowest β cases of the heated jets where mixing noise becomes important at these upstream angles. For β greater than 1.0, the cold jet data in Figure 5 Figure 5 (e) are the same as in Figure 5 (a) for the total noise OASPL. However for the heated jet OASPL determined from only the shock-associated noise component, the scaling results for η deviate from those derived from using the total noise OASPL. At this point, it is possible to best fit a line through the data points that would result in non-integer values for η. Alternatively, we could follow Khavaran & Bridges 10 and allow η to be a function of temperature and directivity angle. Most likely, the model is not that accurate that these small changes in η would be significant in any particular prediction. Hence, we use integer values for η to maintain the main variation in OASPL with β, as followed by Harper-Bourne & Fisher, 12 Balsa et al., 13 and Tester et al. 14 For β less than about 1.0, the OASPL data follow a β 5 sloped Table 1 at three inlet angles as a function of the shock parameter β. Comparison of OASPL for the jet total noise to OASPL for the jet shock noise component only. Solid lines for variation in OASPL versus β η in the SAE model. Dashed lines are revised variations in shock noise component only OASPL versus β η . line and for β greater than 1.0, hot jet OASPL follow a β 1 line, the same as the cold jet data. The behavior of the shock noise only OASPL at 50 degrees and β > 1 was noted but not studied further here.
VI.B. Sensitivity Analysis
A sensitivity analysis was conducted of the parameters that affect the behavior of the shock cell interference function W . Specifically, the following parameters were varied over the given values: Figure 6 for the jet condition labeled 2097 where the red dashed lines are the results for the minimum parameter values given in equation (10) . The changes are systematic to the maximum parameter value results shown by the thick black dashed line. The measured data and the component parts of the original model as shown in Figure 4 are also shown in Figure 6 . This helps to indicate what changes are required of the shock cell interference function W that when it is included with the scaled H-spectrum (W = 0), the model predicted spectrum would be closer to the measured spectrum. The changes in the predicted spectrum as W changes are not shown to reduce clutter in the plots. The variations in 1 + W due to changes in the shock spacing parameters K 0 , K 1 , and are shown in Figures 6(a) to 6(c). The largest changes are due to K 1 with lesser effects due to changes in and K 0 . Note that changing K 1 affects the location of the shock-associated noise peak. As discussed in Tester et al., 14 these changes could improve the spectrum prediction at some frequencies, but degrade the prediction at other frequencies. Adjusting these parameters to fit predicted spectra to measured data could lead to the shock spacing parameters having nonphysical values.
The K 2 parameter is intended to increase or decrease the correlation coefficient spectrum C(σ) value without changing the shape of this spectrum. C(σ) has the highest correlation values at the lower frequencies with decreasing values as the frequency increases. Using the documented values of C(σ) as a baseline, 3, 4 K 2 is limited to a maximum value of 1.351 to insure that the correlation coefficient spectrum is less than or equal to 1.0. The results in Figure 6 (d) shows that increasing K 2 would result in a slightly more rapid decrease in the lower frequency portion of the predicted spectrum.
Finally, Figure 6 (e) shows that changes in the eddy convection velocity coefficient C 0 has the largest effect on 1 + W . It will be considered further separately.
VI.C. Convection Velocity
The results shown in Figure 6 (e) indicate that changes in the convection velocity affect the behavior of 1 + W in the prediction model. These changes are for a constant convection velocity at all frequencies. As with the shock spacing parameters, its adjustment could improve or degrade the predicted spectrum depending on the frequency. But unlike the shock spacing parameters which are fixed values that should be determined from flow measurements, the eddy convection velocity coefficient is known to be frequency and velocity dependent through the Strouhal number. [15] [16] [17] To explore the effect of a Strouhal dependent convection velocity on the predicted shock-associated noise spectrum, the C 0 eddy convection velocity coefficient in equation (9) was considered to be a function of frequency. A least-squares fit of the predicted spectrum to the measured shock-associated noise component spectrum was performed where the C 0 's at each frequency are the only parameters for each of 15 hot jet cases where M j > 1.05 and where the fit included data from eight inlet angles from 50 to 120 degrees. Using the velocity V j for each operating condition, the results for C 0 are plotted as a function of the Strouhal number in Figure 7 . The Strouhal number range was limited to about 0.2 to 2.0 to cover the peak shock-associated noise. Even though the fit is done using far-field spectral data, the eddy convection velocity coefficient C 0 values tend to cluster along the lines given by Harper-Bourne 15 and β ≥ 0.967. In both of the previous measurement cases, low speed jets were used. Dahl 17 later showed convection velocity results from a near M j = 1 jet that followed these convection velocity lines. Hence, we replace the constant C 0 by the equation from Morris & Zaman
VI.D. Group Source Strength Spectrum
Of the parameters available to improve equation (6) to better predict the shock-associated noise component of the measured data sets, we are left with the group source strength spectrum H(σ) and the correlation coefficient spectrum C(σ) at each frequency. Attempts at adjusting both in a least-squares fit has not led to satisfactory results as the best fit values at each frequency had large variations from one frequency to the next and from one operating condition to the next. Hence, the current choice is to set K 2 = 1.0 and to use the original model values for C(σ) as suggested by the findings of Tester et al. 14 Using equation (11) for the eddy convection velocity coefficient and the revised set of η exponent values for hot jets given in Figures 5(f) to 5(h), a least-squares fit of the predicted spectrum to the measurement derived shock-associated noise component spectrum was performed to obtain H(σ). The data was from the 20 jet cases shown in Table 1 where M j > 1.05 including five cold jet operating conditions and the remainder were hot jets. The spectral data came from three inlet angles, 50, 60, and 70 degrees, where shock-associated noise dominates at all operating conditions. The fit results for H(σ) are shown in Figure 8 (a) for all the jet operating conditions. The original H(σ) spectrum is shown for comparison. 3, 4 The remaining five plots in Figure 8 show the same data at nominally fixed β values representative of those shown in Table 1 . The findings are as follows:
• The fit results for H(σ) at frequencies less than the peak frequency have larger variations due to the shock-associated noise component spectra containing oscillations and possible remnants of screech tones as can be seen in the shock noise component spectra in Figure 3 .
• H(σ) appears to be independent of jet temperature for hot jets at a fixed β as noted by the similar results at frequencies higher than the peak frequency.
• The cold jet results for H(σ) were found to be about 3 dB lower than the hot jet results for H(σ). • The issue with the oscillation in the measured shock-associated noise component spectra at frequencies less than the peak frequency (mentioned above) are especially evident in the β = 0.628 jet results, Figure 8 (a) (red symbols). These lower frequency points are not considered to be representative of the lower frequency decrease in shock-associated noise. Removing these points shows that the remaining H(σ) fit results have a definite clustering about a new spectrum shape. Furthermore, the removing of the β = 0.628 fit points does not have a significant effect on the peak and higher frequency definition of a new H(σ) spectrum.
The objective is now to replace the SAE H-spectrum with a new spectrum based on the fit results for H(σ) where β ≥ 0.967. This was done using the empirical mode decomposition method and using the least-squares fit method.
VI.D.1. H(σ) from Empirical Mode Decomposition
The cluster of H(σ) fit data points shown in Figure 8 (a) may be considered as a short duration signal with high frequency content riding on a definitive background trend. A method to extract this trend is called empirical mode decomposition. This method separates a data signal into a series of basis functions each containing a limited frequency range starting from a high frequency band and continuing down toward lower frequency bands until a residual of the signal is reached that contains no oscillating content. 18 For our purposes, the residual of the series of data points put together from the H(σ) fit points represents the basic trend or shape of the H(σ) spectrum. Dahl 17 described the process of empirical mode decomposition (EMD) that was used on this data. Given that the H(σ) signal is made from overlapping spectral data points, the signal is highly irregular in its sampling. Since EMD was applied to this set of data points regardless of variable sampling rate (Hence, implicitly evenly spaced.), the resulting smooth residual curve contained jaggedness when plotted versus the actual log(σ) value for each data point. The solution to obtaining a smooth log(H) versus log(σ) curve was to pass the residual signal through a 15-point moving average filter and then resample it onto an evenly spaced grid in log(σ) using a 5-point Lagrange interpolating polynomial. To extend the curve beyond the high end of the data out to log(σ) = 2.5, a straight line was used based on a linear least-squares fit of the EMD spectrum between log(σ) = 1.6 to 1.72. The process of computing the EMD involves choosing stopping criteria that may lead to variations in results. A sampling process was employed to reduce the variation by averaging the results. After 200 samples, the averaged H-spectrum had a maximum uncertainty of ±0.005. This averaged EMD-derived H-spectrum is shown in Figure 9 compared to the data points and the original SAE H-spectrum, and it is also tabulated in Table 5 , Appendix B. 
VI.D.2. Equation for H(σ) from the least-squares fit method
The H(σ) fit data points shown in Figure 9 also have a shape reminiscent of the shock-associated noise spectral shape proposed by Deneuville 19 consisting of two sloping straight lines meeting at the peak of the spectrum. But instead of an abrupt change in slopes between two lines, it was desired to represent the smooth curvature at the peak that EMD showed was part of the residual trend of the spectrum. The solution was to connect the two straight lines with two lines governed by cubic equations. At the three interface points between the four lines, the value and its derivative were considered to be continuous. It turns out that a sensible least-squares fit is difficult to achieve if the location of the three interface points are included as fit parameters. Thus, the choice of the location of these three points was arbitrary.
Using x = log(σ) and y = log(H), the 4 line piecewise curve fit to the H(σ) fit data is given by: where the maximum uncertainty in the fit of y is ±0.1. A plot of this spectrum is also shown in Figure 9 . This spectrum result is very close to that obtained using EMD except at the highest frequencies. The extrapolation of the linear fit to frequencies higher than log(σ) = 1.72 will result in higher curve-fit spectrum levels than for the EMD-derived spectrum extrapolated levels.
VII. Revised Model Results
The predicted spectra from the revised model are compared to the original SAE shock-associated noise prediction model. Using the same operating conditions and inlet angles as in Figure 3 , the revised model shock-associated noise predictions are shown in Figure 10 for both the EMD-derived and the curve fit Hspectra. As expected from the closeness in the new H-spectrum shapes shown in Figure 9 , the results in Figure 10 are nearly identical except near the extremes of high and low frequencies. The revised predictions more closely represent the shock-associated noise component spectra of the measured data at inlet angles less than or equal to 90 degrees. The lower frequency hump arising in the original SAE model spectra is no longer present. At the 120 degree angle, the revised model is also failing in the same manner as the original model even though the revised model is an improvement by lowering the levels at the lower frequencies and raising the levels at the higher frequencies. The group source strength spectrum still becomes dominant and the interference function is unable to cancel out the lower frequency hump and accentuate the shock noise peak sufficiently for better agreement with the measured data.
One consequence of using the new H-spectra shown in Figure 9 that are based on measured data from jets with higher β values is that jets with lower β values may have their shock-associated noise component spectra inaccurately predicted. In Figure 8(a) , it is shown that the β = 0.628 spectral data points are higher in level at the lower frequencies than the higher β jet spectral data points. Thus, the revised model will underpredict the data at the lower frequencies.
(The original SAE model has similar spectral characteristics as a function of β as shown in the large set of comparisons between predicted and measured spectra in Dahl. 2 ) However, the lower β jets have similar levels to those of the higher β jets at the peak frequency and higher. Hence, the higher frequencies should still be well predicted. This fact will be accounted for in computing the prediction errors.
The errors and uncertainties were computed for the original SAE model and the revised model shockassociated noise predictions at the 24 jet operating conditions listed in Table 1 . A measure of the error in the predicted spectrum was computed by averaging the errors computed for each 1/3-octave band
|SPL pred (f i ) − SPL meas (f i )| (13) where N is the number of included 1/3-octave bands. By taking the absolute value of the difference between predicted and measured sound pressure levels, a smaller average error requires relatively smaller errors across the entire spectrum. Another measure of error was computed using the overall sound pressure level (OASPL) using OASPL Error = OASPL pred − OASPL meas
The calculation of OASPL for this error determination was done over the same frequency range as that used to compute the average error. The OASPL error can be either positive or negative indicating that the predicted value is higher or lower, respectively, than the measured OASPL. These errors were computed separately for each inlet angle. The errors were computed using equations (13) and (14) . For the nominally β = 0.314 cases, the error computation was limited to the frequency range where the Strouhal number was greater than or equal to 1.0. This was done because the model underpredicts the data at lower frequencies for lower β conditions but is still fairly accurate at the peak of the shock-associated noise component spectrum and at higher frequencies. The lower frequencies of the total jet noise spectrum are due to mixing noise sources. Hence, the sum of the mixing noise model prediction and the shock noise model prediction in lower β cases will give a reasonable prediction for the total noise spectrum. The β = 0.628 cases were limited to Strouhal numbers greater than or equal to 0.4. All other higher β cases had no Strouhal number range limitations. Plots of the errors as a function of the inlet angle are shown in Figure 11 for the original SAE model and for the revised model using the EMD-derived H-spectrum. The error results for the curve fit essentially directly overlap the EMD-derived results and therefore are not shown. The two lower β results are shown separately due to their frequency limitations. These results are given in terms of the range of errors computed over the four cases at that β value. The remaining 16 cases are plotted together with the values at each inlet angle averaged to obtain an average error within the range of computed errors.
The results for average error and OASPL error show that the revised model predictions generally has lower errors than the original SAE model predictions. Both models have typically larger errors at inlet angles greater than 100 degrees. The data in Figure 11 was used to determine an average decrease in error from the SAE model to the revised model. Also, the range of errors was used to compute the uncertainty in both model predictions. These results are shown in Table 2 . The table shows that the revised model prediction is as good as the SAE model prediction with zero decrease in error to up to a 3.5 dB decrease in the average error for the revised model. For the most part, the revised model predictions have less uncertainty than the SAE model predictions. The error results listed above are for the data used to develop the revised shock-associated noise component prediction model. The revised model is now applied to jet conditions not included in the database of Table 1 . The two supersonic jet conditions are listed in Table 3 ; a heated jet at T t /T ∞ = 1.45, less than the heated jet values in the database, and a higher temperature jet with T t /T ∞ = 3.20 using the smooth smc000 nozzle with low screech. The noise predictions were made with the inclusion of mixing noise from the prediction model in SAE ARP 876E. 3 This shows how well the models predict the total noise spectrum where shock-associated noise dominates at the upstream angles and whether or not the shock noise prediction model's lack of accuracy matters as the angle moves toward downstream where mixing noise is more important. The comparison of the total noise prediction to measured data is shown in Figure 12 for both the SAE shock noise model prediction with the added mixing noise prediction from the SAE mixing noise model and the revised shock noise model prediction also with the added mixing noise prediction. At 90 degrees and upstream, the revised model clearly shows better spectral predictions, limiting the effect of the low frequency hump evident in the SAE model predicted spectrum and increasing the spectral levels at the peak and higher frequencies. For the cooler jet at the 120 degree inlet angle, Figure 12 (e) shows the revised model gives a slightly better prediction while Figure 12 (f) shows the hot jet spectrum is dominated by mixing noise and the accuracy of the shock-associated noise prediction is not relevant. The computed errors are shown in Table 4 . The errors are lower for the revised model compared to the SAE model where shock-associated noise dominates at the upstream angles and about the same where mixing noise dominates. In summary, the proposed changes to the SAE shock-associated noise prediction model expressed in equations (6) to (9) with the associated parameter definitions are as follows:
1. The β exponent η is equal to 1 if β > 1 or if β ≤ 1, it equals 4 for T t /T ∞ < 1.1 or 5 for T t /T ∞ ≥ 1.1.
2. The eddy convection velocity coefficient C 0 is given as a function of the Strouhal number by equation (11) .
3. The group source strength spectrum H is given in terms of log(H) versus log(σ) by either interpolation from the values in Table 5 , Appendix B, or by the curve fit equations (12) . The tabulated values come from the residual of an empirical mode decomposition that gives the basic trend or shape of the spectrum with no a priori assumption about the spectrum shape. The piecewise curve fit equations and their points of connection were arbitrarily chosen to fit a curve to represent the data.
4. The cold jet results are 3 dB lower than the hot jet results. Replace tabulated or computed log(H) with log(H) − 0.3 when T t /T ∞ < 1.1. 
